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Abstract

Volatility plavs a key role in asset and portfolio managentent, derivatives pricing as
well as exchange rate forecasting, In this paper we find out the performance of the
Linear GARCH and Nop-lmear GARCI model for forecasting the exchange raie
volatility of SAARC comuries. Using the data from seven SAARC countries we have
Jound that non-linear GARCIH model gives better results and good forecasting
performance for Maidives, Nepal, Pakistan and Sri Lanka whercas linear GARCH
model gives hetter result and good forecasting performance for Bangladesh, Bhutan,

and india.
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Introduction

Exchange rates arc the quintessential
international financial variable. a factor in
virtually every mmternational financial market
decision. For most countrics the exchange ratc
is the singlec most important price in the
economy. Without determining the appropnate
exchange rate system no nation can achicve
their ecconomic goal, although country can be
rich in wealth but bad exchange rate
management can destroy the whole cconony.

Before the Asian financial crisis most of the
Asian countrics used the fixed exchange rate
svstem, after that they are changing their
exchange rate arrangement. Now nation
understand stand that cxchange rate 1s not only
dichotomy, fixed and freely floating. more
beneficial need to in-between position. So. now
exchange rate arrangement changing their
trend and adjust the flexible exchange rate
¢specially for developing countries and least
developed countries (LDCs). In our study, we
consider onlvy SAARC (South Asian
Association for Regional Co-Opcration)
counirics, In 1985 the seven South Asian

countrics Bangladesh, india, Pakistan, Nepal,
Bhutan, Maldives and Sri Lanka built up
SAARC. In the 13" SAARC summit
Afghanistan was declared as the 8" members
of SAARC countrics but it will be effective in
the next 2006, so we put aside Afghanistan
from our analvsis. Among these scven
countrics Bangladesh, Nepal, Bhutan and
Maldives are considered as LDCs and India,
Pakistan and Sr1 Lanka arc considered as
developing countrics.

Volatility plavs a keyv role in asset and portfolio
management, derivatives pricing as well as
exchange rate forecasting. Accurate measurcs
and good forccasts of volatility are crucial for
the implementation and evaluation of asset and
derivative pricing models in addition to trading
and hedging strategics in foreign exchange
market. Volatilitv also impact greatly on
investing and financing decision-making,
consumer behavior and so on.

Gokcan (2000) suggcested that volatility s
rclated to the stage of market development.
Risk or the uncertainty of returns in cmerging
markets is tvpically higher than those
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devcloped markets. As such, volatility in
cmerging markets 1s generally larger and
more persistent than in developed markets.
Volatility clustering or non-constant
variance gives rise to thick tails or
leptokurtosis. The presence of excess
kurtosis or thick tatls in assct returns implics
that cstimations based on the assurption of
identical and indcpendently distributed
(1.i.d.) crrors arc inappropriate for asset
returns. Further, there 1s strong evidence in
the finance literature linking volatility in
asset rcturns with higher order serial
correlation, Against this background, the
empirical distribution of asset rcturn shows
tvpically higher non-normality. Harvey and
Huang (1992) find that foreign exchange
volatility 1s higher when there 1s news of
heavy central bank trading or there is a
release of macroecconomic news. Longmore
and Robinsen (2004) compared the
performance of linear GARCH models 1n
forecasting the volatility of returns in the
Jamaican foreign exchange market with
that of asvmmetric models, and also
examined the relevance of volatility spiil-
overs using multivariate GARCH. McMillan
and Speight (2004} conducted a studyv on
rcassessing the performance of GARCH
Models. Zhang (2003) described his paper
about Fixed versus Flexible Exchange Ratc
in China and told Getting exchange rate
right is essential for economic stability and
growth in the developing countries. Tabak,
Chang and Andrade (2002) examined the
rclationship between dollar-real exchange
rate volatility implied in option prices and
subsequent rcalized volatility. Esquivel and
Larrain (2002 described G-3 exchange rate
volatitity and c¢valuate its impact on
developing countrics. Walker (2002)
focused onlv on a limited set of
raicrostructure variables in a linear GARCH
model.

Our aim in this paper is to fit both non-lincar
and lincar GARCH models for modeling the
volatility of ¢cxchange rates of SAARC
countrics to recommend a mode] for cach
country that cnables us to capture more
volatility.

Performance of GARCH models in forecasting

Linear versus Non-linear GARCRH
Models

Recently many rescarches have been done
about the volatility of forcign exchange
markct, most rescarchers agreed that
volatility is forecastable in many forcign
exchange markets. but there are differences
in the way to usc thc model. Among these
models different versions of the GARCH
{Generalized Auto Regressive Conditional
Heteroscedasticity) models arc the most
successful. Onc of the reasons that the
GARCH modecls are very popular i1s that it
can effectively remove the excess kurtosts
in rcturn serics. Besides having cexcess
kurtosis market returns may display
scriously skewed distributions. The lincar
GARCH modecls cannot cope with such
skewness, and therefore we can expect
forccast of lincar GARCH model to be
biased for skewed time serics. To deal with
this problem¥ nen-lincar GARCH modcls
arc introduced. which take into account
skewed distributions; for example,
Quadratic GARCH model (QGARCH)
introduced by Engle and Ng (1993) and
Santana (1995), thc model introduced by
Glosten, Jogannathan, and Runkle (1992) 15
the GJR model, and that introduced by
Nelson (1991) the Exponential GARCH
model {(EGARCH). Onc should raise the
question about the usefulness of lincar or
non-lincar GARCH models to explain the
past volatility and forccast the future
volatility for cmerging markets.

Thesc markets have very differcnt risk and
return characteristics from developed
markets. The risk of investing in emerging
markets has becen greater than that of
investing in developed markets. In other
words, cmerging forcign exchange market
volatility has been larger than that of
devcloped foreign exchange markets.

According to asset pricing theories expected
returns arce related to volatdity. Therefore,
for portfolio management 1t becomes critical
to model and examine the volatility. In this
rescarch we comparc the EGARCH model
only with the lincar GARCH model.
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Data and Descriptive Statistics

The data we analyze here is the weekly
exchange rate retums for SAARC countrics,
from January, 1998 1o Junc, 2005. We choose
the data from the vear of 1998 because Asian
crisis occurred in 1997 After that crisis in
financial scctor as well as i exchange rate
market some developing countrics foliowed
the managed floating or frecly tloating
exchange rate system. Before 1998 those
countries followed the fixed exchange rate
system, but GARCH or EGARCH model
cannot work in fixed exchange rate, because
i normally there 1s no volatility 1 fixed
cxchange rate system. Weekly return indexes
of emerging markets arc obtained from the
website (URLhttp://pacific. commerce.
ubc.ca/xr/)y or (http://fx sauder.ubc.cal).
Weekly returns are calculated by using the
following formula:

r.=log(,) ~log({, )
where /| is the return index for country g at

timey .

Some of the descriptive statistics for weekly
rcturns arc displaved m Tablel. Sample size
is the number of the weeks for the sample.
In total the sample size (from January 1998
to Junc 2003) 1s 390. Tablel premises the
mcan returns of the emerging markets range
from -0.12 1{ Afghanistan (Afghani/USD)) to
(.1229% (S Lanka (Rupece/USD)). Volatility
(measured as a standard deviation) ranges
from 0.2337 1% (Afghamstan {Afghani/USDy)
to 2.17% (Maldives (Rufivaa/USD)). All the
emerging forcign cxchange market returns
are leptokurtic in the sense that kurtosis
exceeds positive three (kurtosis for normal
distribution should be positive three). Tabicl
also portrait that all the countrics” return scrics
bear significant skewness, and three out of
the cight countrics arc negatively skewed
(skewness for normal distribution should be
zero). Negative skewness shows that the
lower tail of the distribution is thicker than
the upper tail, that is. market deelines occur
more often than market increases. So the
results show that all countries bear sigmificant
skcwness, cxcess kurtosis and deviation from
normality,
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We also report the Ljung-Box Q-statistics for
squarcd residual. At lag 4. we reject the
hypothesis of no autocorrelation at the 3%
level of significance. Autocorrelated squared
residuals are indications of GARCH type of
heteroscedasticaty. Also the Jarque-Berra
statistics displaved in Tablel reject the
normality for all the return scries. Figurel
depicts the trend of exchange rate return for
the SAARC countrics.

Models

ARCH - Autoregressive Conditional
Heteroskedusticity model

The ARCH-modcl was first presented by
Engle (1982) and has since then received a
lot of attention. First consider an ordinary AR

(p) model of the stochastic process y, .

= C+a|)",_| +"'+aP}’1_P +”’(l)

Where u 15 white noisc. the basic AR (p)-
model 15 now extended so that the conditional
variance of # could change over tume. One
extension could be that « - itself follows an
AR(m)-process.

w; =60, + 0], .. 0 u

{2
meod-m + “'r ( )
Where w, is a new white noise process and
u,is the crror in forecasting v, This 1s the
general ARCH(m) - process (Engle, 1982).
For casier calculations and for cstimation. a
stronger assumption about the process is
added. |

— 52y 3
n,o=hov (3)

Where v is an 1.1.d. Gaussian process with
zero mean and variance equal to one. that 1s,
v~N(0,1). The whole model for the variance
15 then obtained as

E v~ N (0.1).

b
=, + ZO.'I.&‘.,:_, (4)

i=l
Where o, > 0. o, >00 = 1.2....¢ and
‘P, 1s the informatton available at time t - 1.
Now. when the process for the variance is
defined, we add an additional equation for
modcling y:. The return price is modeled with

a constant.
v

1:C+£f (5)


http://pacific
http://fx.saudcr.ubc.ca/

This means that 1s an innovation from a linear
regression.

Generalized ARCH (GARCH) model -

Generalization of the ordinary ARCH-model
is more prevalent today. Bollerslev (1986)
introduced the structure of such GARCH
model. The generahization is quite similar to
the extension of an AR (p) to an ARMA (p,
q). Formally the process can be written as

€]y, .~N(©,h,)

h =a,+ ia, £ iﬂjh, _;

i=t

Where p and g are integers with, ¢, > 0, o
>00=12..gandd)>0,j=12, .p. Thus
the additional feature is that the process now
also includes lagged #,_ values. For
p=0the process is an ARCH (q).
For p = g =0 (an extension allowingg =0
if p =0), £, 1s white noise (Bollerslev 1986).

GARCH (I, 1) model

In equation (6} if we put p =g = I then the
model becomes a GARCH(], 1) process and
we may write this process as

E “N(O,h) Q)]

Ll L
_ 2
hr - aO + algr—l + ﬂlhl—l

Where a, > 0,a, 20, 5, 20,anda, + f, <1
Non-linear GARCH Model

A number of the researchers have found
asymmetry in foreign exchange market return
series and have observed that the negative
retum shocks seem to increase volatility more
than positive return shocks of the same size
(see Bollerslev, Chou and Kroner, (1992);
Engle and Ng, (1993); Pagan and Schwert,
(1590)). Despite the success of the linear
GARCH model, it cannot capture the
asymmetry and skewness of the foreign
exchange market return senies. Among the
number of non-lincar GARCH modcls the
Exponential GARCH (EGARCH) mode! is
the most commonly used. Nelson (1991)
presents a model which is known as
Exponential-GARCH or EGARCH. The idea
is to loosen the positively constraints from the
standard GARCH but still keep the non-

Performance of GARCH models in forecasting

ncgativity constraint on the volatility for the
conditional variance. Nelson {1991) presents
a modcl which 1s known as Exponential-
GARCH or EGARCH. A suitable way of
doing this is by establishing the following
equation

In(c’)=1q, +iﬁ,g(z,_;) b=1 (8)
i=1

Where the function can be formulated in
different ways. According to Nelson (1991)
this function can be formed as

8:) =02, +7(e|-ECY)  ©

To handle both the sign and the magnitude of,
a slightly difterent model of the EGARCH is
implcmented by Laurent & Peters (2002)

In(e?) =+ (1- BN U+a(L)g(z, ) (10)

QOur interest centers on EGARCH model
which can be written as:

log(h}=a, +ia.|:JfJ’;"=|— 2ln:|+
inl

t-1

yj"{_:j +§ﬁ, log(h, )
(11)

In equation (11) the &, @, yand & ,are the
parameters. Unlike the lincar GARCH mode!
therc are no restrictions on the parameters to
ensure non-negativity of the conditional
variances. The EGARCH model allows good
news (positive return shocks) and bad news
(negative retum shocks) to have a different
impact on volatility, where the lincar GARCH
model does not (Engle and Ng, 1993). The
parameter Y would cause the asymmetry. If
v = 0 then a positive return shock has the same
effect on volatility as the negative return shock
of the same amount. If y less than zcro, a
positive return shock actually reduces volatility,
if y greater than zero, a positive rcturn shock
increases volatility.

In- sample Estimation

The parameter estimatcs, the value of the
Akaike Information Criterion (AIC) and Log
likelihood for both the GARCH (1, 1) and
EGARCH (1, 1) model have bcen
incorporated in Table2. We usc AIC and log
likelihood values to compare between models
in cquations (7) and (11). From Table2 it is
also clear that for most of the countries the &
parameter is usually significant at the 5%
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level, expect for Bangladesh (Taka/USD) and
Nepal (Rupee/USD) in casc of EGARCH(1,
1) mode!l. For all the countries & and 4
paramclers are positive and also their sums
arc less than umty for GARCH(1.1). Again
the cstimation results for the EGARCH(1.1)
modcl depicts that for all the countries both a
and a parameters are positive and their sums
are almost unity that authenticates the model
as well fitted. The & parameter is significant
and is positive for all SAARC countrics, which
means a positive return shock increascs
volatility. Comparing the results of the
EGARCH (1.1) model with the GARCH(1.1)
modcl we obtain that for Maldives(d],
Nepalle|, Pakistan|f] and Sn Lanka[g] non-
lincar GARCH(!.1)(i.c. EGARCH) modci
produces lower AIC and higher log likelihood
values than the GARCH(1,1). On thc other
hand AIC and log likelihood valucs cxpedite
that GARCH(].1) model gives better results
than EGARCH(1,1) modcl for Bangladesh|a],
Bhutan|b] and India[c].

Forecasting

In order to evaluate the forecasting power of
the diffcrent GARCH models we must have
a truc mecasure of the volatility (Day and
Lewis, (1992); Pagan and Schwert, (1990):
Franscs and Van Dijk, (1996)). To measurc
the volatility for the foreign exchange market
we have used the formula of Chong ot al
{1999), that is, we use the following formula
to find the truc so-callcd unconditional
volatlity:

o =(r,-F) (12)

Where 6.71s the unconditional volatility, #,1s
the actual weekly retum for week £, and Tis
cxpected return for week. The expected refum
over 21 weeks is measurced by calculating the
arithmetic average of weekly returns from
week 1 to week 20, The expected return for
the first week of February, 2005 15 measured
by calculating the arithmetic average of
weekly returns from first week of January,
1998 to last week of January, 2005, The
expected return in sccond week of February,
2003 1s measured by calculating the anthmetic
average of weekly returns from second weck
of January, 1998 to first week of February,
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2005. This is repeated for the 21 weeks from
the first week of February, 2005 to last week
of June, 2005. Squaring of the differcnce
between actual returns and moving average
returns would give us the implied volatility as
in cquation (12). We find one-period-ahead
forecasting crrors for different GARCH
models as follows:

. 2
=0, _hl-.l (13)

Where #,,1s the forccasting crror of the
GARCH models, and 4,,, 15 the forecasted
variance which is generated by using
equations (7) and (11). In order to find the
onc-week-ahead forecast of the variance for
first week of February, 2003, we usc equations
(7) and (11) to run the regressions by using
the data from first week of January 1998 to
last week of January, 2005 and obtain the
constant parameters. Then these parameters
are entercd into equations (7) and (11} to find
forecasted variances. In Table3 we report the
mean squarcd crrors obtained from
GARCH(1,1) and EGARCH(L,1) modcls.
The results indicate that for the countries
Maldives|d], Nepal[e]. Pakistan[f] and Sn
Lanka[g] non-lincar GARCH({1,1)(1.c.
EGARCH) model produces smaller
forecasting errors than thc GARCH(I1,1}
model. We sce that the AIC values with log
likelihood and the mean squares crror terms
show the same result, that 1s, EGARCH
outperform than GARCH model in the case
of exchange rates for Maldives[d]. Nepalje],
Pakistan|f] and Sri Lanka[g]. howcver
GARCH(1.1) modecl gives better result in case
of Bangladesh[a], Bhutan[b] and India[c].

Conclusions

Linear and non-lincar GARCH models arc
appliced for forecasting the volatility of
exchange rate to the SAARC countries. The
return series are significantly skewed and
leptokurtic_ which is an indication of finding
non-lincar GARCH models as very helpful in
explaining the volatility of the time series. Our
comparative study reveals the superiority of
non-lincar GARCH modcl over linecar
GARCH model for explaining the exchange
rates volatility in Maldives, Nepal, Pakistan,
and Sn Lanka, but the lincar GARCH model
is superior to non-linear GARCH model for



Bangladesh, Bhutan and India. Therefore, we
may confine that exchange rate volatilities are
predicted well when the non-lincar GARCH
model is applied for Maldives, Nepal, Pakistan
and Sri Lanka whereas linear GARCH model
for Bangladesh, Bhutan and India.
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Table 1: Descriptive Statistics of SAARC Countries Weekly Exchange Rate Return

Country (Currency(svmbol)/ Sample | Mean | Standard | Skewness | Kurtosis |Ljung-Box | Jarque-Berra
USD) [Code] Size (%) [ Deviation Stat Q () Test
(%)
Bangladesh (Taka(FPk)YUSD)  [a]| 390 |0.0862| 0.5474 | 4.2009 | 40.7549 | 82.264 | 24247.61
Bhutan (Ngultrum(Nu)/USD)  [b] 390 |[0.0363 1.8510 2.8580 | 78.1300 283.45 92018.27
India (Rupee(Rs)USD) le]| 390 |0.0256| 0.4001 | -0.6758 [ 14.7721 | 81.619 2276.09
Maldives (Rufiyaa(Rfy'USD)  [d]| 390 |0.0226| z2.1700 | -0.0150 | 77.127t | 389.51 | 89062.08
Nepal (Rupee{NRs)USDY) e1l 390 [o0.0623| 09068 | 2.8930 | 345095 | 10294 | 1663519
Pakistan (Rupee(Rs)/USD) (f]| 390 |[0.0786| 0.8800 | 3.8294 (42.4150 [ 86.257 | 26131.51
Sri Lanka (Rupee(SLRsyUSD) [g]| 390 |0.t229| 0.6601 | 1.0239 |33.3470 | 101.07 | 14995.18
Table 2: Parameters Estimates and AIC Values
] AIC values
Parameters Lstimates (Log Likelihood)
[Code] GARCH (1,1) EGARCH (1,1) G(’?'i‘"‘)” E‘;i'}f“
a, a, a a, a, a )
[a] 6.01E-06  0.7620 0.7620 | -5.7060 0.3377 0.0509 0.5478 -8.509 -8.3990
(36.1553) (21.1922) (21.1922)] (-19.397) {17.7060) (0.8914) (18.673) | (1659.03) (1638.77)
Ib] -2.40E-11  0.4650  0.4650 | -1.2505 0.4658 0.5504  0.8969 -8.938 -6.9556
(-1 33E-110) (21.367) (21.367)|(-120.807) (33.916) (74.844) (48.285) |(1742.626) (1357.882
[«] 5.10E-07  0.1256  0.1256 | -5.1050 0.7423  0.1206 0.6022 -8.595 -8.538
(9.3092)  (9.3314) (9.3314) [ (-20.4560)(13.4101) (2.1725) (29.158) | (1675.806) (1665.72)
[¢] 0.000402 03811 03811 | -0.5035 0.4432  0.1530 0.9553 | -5.4431  .7.3975
(28.994)  (2.0653) (2.0653)|(-36.2506) (28.836) (9.460) (87.227) | (1062.69) (1443.81)
[e] 9 23E-05 03262 0,3262 | -7.3503 06249 0.0567 025876 | -6.713 -6.716
(35.9166) (8.5840) (8.5840)|(-20.2861) (10.8683 (1.1512) (15.3706)| (1309.83) (1311.09)
L£] 341E-07  0.3541  0.3541 | -0.5810 0.2856 0.2302 09611 -7.383 -7.458
(8.656)  (19.339) (19.339)| (-12.780) (20.2471) (15.2853) (184.391) | (1440.10) (1455.62)
lgl 9.56E-07  0.4360 0.4360 | -2.3290 02510 0.0769 0.8587 -7.969 -7.972
(5.6204)  (18.042) (1B.042)| (-14.059) (36.208) (2.4840) (57.405) | (1554.12) (1555.58)
Table 3: Mean Square Error Terms:
Countrv{Currency/USD) [Code] Error = 10°
GARCH(1,1) EGARCH(1,1)
Bangladesh (Taka(Tk)/USD) [a] 0.00530 0.00548
Bhutan (Ngultrum(Nu)/USD) Ib] 001849 001950
India (Rupee(Rs)/USD) [<] 0.00399 0.00400
Maldives (Rufivaa(R{yUSD) [d] 002178 002137
Nepal (Rupee(NRs)/USD) [e] 0.009061 0.009058
Pakistan (Rupee(Rs)USD) Ifi (.0089 (.0088
Sri Lanka (Rupec(SLRsYUSD)  [g] 0.006635 0.00664
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Figurel: Trend of Exchange Rate Return for SAARC Countries, from
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Leamed societies throughout the world.

1. Editorial Policies

Contributions should be original work, which has neither been simultaneocusly submitted for
publication nor published previously elsewhere. By sub-mitting a research paper it is deemed that
contributors transfer copyright of the paperto the Joumal

2 Frequency

The Joumal of Management from 2003 will be published once in a year in QOctober by the Faculty
of Management & Commerce (FMC), South Eastemn University of Sri Lanka (SEUSL). Research
papers, reviews, and short communications for publication should be sent to the Editor in Chief at
least three months before October each year.

3. Refereeing and Editing

All manuscripts submitted for publication will be referred to at least two referees who are eminent
scholars in the same field for examining and evaluating, its suitability for publication. The Editorial
Board reserves the right to edit the materials to confirm to the style and format of the Journal. Any
substantial changes will, of course, be referred back first to the author.

4. Preparations and Submission of Manuscripts
4.1 General

The manuscript should be free of corrections. The language of publication is English. The style of
writing should conform to acceptable English usage. Slang, jargon, unauthorized abbreviations,
and abbreviated phrasings should be avoided. The name of the instilute where the research was
carried out should be stated with author’'s name. The comresponding authors name should be
underlined. if the present address is different from the given address then it should be given as
footnote.

4.2 Layout and Type of submission

4.2.1 Manuscript Layout: Although a rigid format is not insisted, it is usually, convenient to
divide the papers into sections such as Abstract, Key Words, Introduction, Literature Review,
Research Methods, Results, Discussion, Conclusions and References.

Authors are kindly requested to present two copies of their contribution, typed and doubled
spaced on A4 paper. A disk should also be provided and also all works should be formatted in
words, Times Roman fonl of 12 size. A manuscript of research paper is usually limited to 10
pages, including a 100-150 words long abstract and figures and tables. A list of 3-5 keywords
indicating the contents of the article should also be included. Each page of the manuscript should
be consecutively num-bered. Review articles should normally be not more than 4000 words in
length.

4.2.2 Title: The title should be concise and specific. If the article has a title over 30 characters in
length, please provide a running fitle (brief title) for use as a header at the top of the page.

4.2.3 Quotations: When quoting directly, single quotations mark should be used. Any quotations
over 40 words in length should remove the quotation marks and be indented (0.5 both left and right
margins). Footnotes should be kept to a minimum. They should be numbered consecutively,
typed on a separate page at the end before the biblicgraphy and, supplied as a separate file on
the disk.

4.2.4 Research Methods: The research methods should be described in detailed sufficient for
the protocol to be replicated. This section may also contain description of the statistics used and
the activities that were recorded.
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4.2.5 Figures and Tables: Figures and Tables should be submitted on separate sheet, with their
location notes in the text. Table and figure references should be in a consistent style. Caption for
illustration should be listed on a separate sheet,

4.2.6 References: Special care must be taken in citing references correctly. The accuracy of the
citation is entirely with the author(s). Contributors are requested to adopt the Harvard system of
referencing as set out below.

In this system, references in the body of the text are placed between parentheses and contain the
last name of the authar (with initials only if you refer to different authors who happen to have the
same last name}, a comma and the year of publication and then ancther comma and the pages
to which you are referring. Chapters should be referenced as ch, or chs. For example; {Drucker
1998b, 52.53)

If you refer to more than one work at the same time enclose all the references within the same
parentheses and separate each reference from the next by a semi-colon. For example; (Drucker
1997, ch.10; Nanayakkara 1999, 24)

Reference in the bibliography should be listed alphabetically by the authers (s) name(s). The
name of the author is followed by his or her initials, a full stop and then the date of publication. The
entry then continues with different formats depending upen whether the contribution is a book, an
article or a edited collection.

For example:
Books
Beach, D.S. (1985) The management of people at work.(New York : Macmillan).

ArticlesBender, K.A. & Sloane, P.J. {1998) ‘Job satisfaction, trade unions, and exit-voice
revisited’, Industrial and Labour Relations Review, 51: 2, 222-239.

Chapters in Edited Books

Qkubayashi, Koji. (1938) ‘The Japanese style of management of Japanese affiliates in Germany
and the UK, in Richard Thorpe and Stephen Littie (eds.), Global chang, the impact of Asia in the
21+ century at the Manchester Metropolitan University, {London: Palgrave), 146 — 168.

4.2.7 Proofs: The corresponding author will receive galley proofs by mail for correction, which
must be retuned to the editor within one week of receipt. Please ensure that a full postal address
and e-mail address of the Corresponding author is given on the first page of manuscript so that
proofs are not delayed in the mail. Please note that alterations in the text cannot be permitted
during the proof reading.

4.2.8 Off prints: Authors receive 05 complimentary off-prints for each article.

4.2.9 Copyright: Once the paper is accepted a copyright-transfer form will be sent along with the
proofs, The duly filled and signed form should be sent to the editor along with the proofs as
mentioned above.

4.3 Submission: On the cover, authors should indicate the number of words, the inclusion of any
diagrams. The first page of the typescript should bear the title of the paper, tagether with the
name(s) and affiliation{s) of the author(s). The second page of the typescript should repeat the
title, followed by the main body of the text, which should conform strictly to these guidelines.

Address of the corresponding author: It should be given in a separate page as an attachment.
It is important o keep the editor informed of any change in your address.

Address for submission; Editor in Chief
Joumal of Management
Faculty of Management & Commerce,
South Eastermn University of Sri-lanka
University Park
Oluvil#32360, Sri Lanka.
Tele/Fax; 094 67 2255069,
E-mail:hansiyar@yahoo.com
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